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% 1: Breaks types for Hakka’s TTS.

Situation Break type duration (sec)
between five punctuation“+ 1 2 : »” BIG 0.65
between prosodic phrase ( five punctuation) Major 0.45
between prosodic word (in prosodic phrase) Minor 0.25
between word (in prosodic word) no 0




Currently, the most popular techniques in data mining are as followings:

A) Atrtificial neural networks

B) Decision trees

C) Genetic algorithms

D) Nearest neighbor method

E) Rule induction

Predicting the types of break is regarded as classification issue. Bayesian Network (BN)
adopted the decision tree to predict the proper categories of break. In the paper, we modified
several detail and two methods, Bayesian networks and Classification And Regression Trees
(CART), are included into the prediction to promote the better performance.

Let V = {vi, v, .... Vn}, N >= 1, be a set of variables. A Bayesian network BN over a set of
variables V is a network structure BNS which is organized as a directed acyclic graph (DAG)
over V, and a set of probability tables:

ENP = {p(v,[palv))v, € ¥} (1)
where pa(v;) is the set of parents of v;in BNS.

A BNS represents probability distributions:

P(V) = I, ev p{v|paivy). 2)

To employ a Bayesian network as a classifier, one simply calculates argmaxyP(y|x) using the
distribution P(V) represented by the Bayesian network. Since all variables in x are known, we
do use Eq. (2) for calculation of all class values of variables.

Bl6: Network structure of BN with 3 states.

The features with respect to the breaks for target word include:
® Part-of-Speech of target and neighbor’s word
® Length of target and neighbor’s word
® Location of words with respect to the target word
® Number of words preceding target word and in sentences.
©® Combination of features above.
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